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Higher order enhances non-linear 
modeling capability 
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Why Higher-order? 
Hand-crafted Features 

Learned Features 
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Higher-order moments can  
better characterize  
real-word distributions 
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3rd-order moment 
or direct distribution 
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Overview of Speaker 
Wangmeng Zuo received the Ph.D. degree in computer application technology 
from the Harbin Institute of Technology, Harbin, China, in 2007. He is 
currently a Professor in the School of Computer Science and Technology, 
Harbin Institute of Technology. His current research interests include image 
enhancement and restoration, object detection, visual tracking, and image 
classification. He has published over 70 papers in toptier academic journals 
and conferences. He has served as a Tutorial Organizer in ECCV 2016, an 
Associate Editor of the IET Biometrics and Journal of Electronic Imaging, and 
the Guest Editor of Neurocomputing, Pattern Recognition, IEEE Transactions 
on Circuits and Systems for Video Technology, and IEEE Transactions on 
Neural Networks and Learning Systems. 
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Qilong Wang received the Ph.D. Degree in the School of Information 
and Communication Engineering, Dalian University of Technology in 
2018. He is currently a lecturer in the College of Intelligence and 
Computing, Tianjin University. His research interests include visual 
classification and deep probability distribution modeling. He has 
published several papers in top conferences and referred journals 
including ICCV, CVPR, ECCV, NIPS, IJCAI, TPAMI, TIP and 
TCSVT. 
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Peihua Li is a professor of Dalian University of Technology. He received Ph.D 
degree from Harbin Institute of Technology in 2003, and then worked as a 
postdoctoral fellow at INRIA/IRISA, France. He achieved the honorary 
nomination of National Excellent Doctoral dissertation in China. He was 
supported by Program for New Century Excellent Talents in University of 
Chinese Ministry of Education. His team won 1st  place in large-scale 
iNaturalist Challenge spanning 8000 species at FGVC5 CVPR2018, 2nd place 
in Alibaba Large-scale Image Search Challenge 2015. His research topics 
include deep learning and computer vision, focusing on image/video 
recognition, object detection and semantic segmentation. He has published 
papers in top journals such as IEEE TPAMI/TIP/TCSVT and top conferences 
including ICCV/CVPR/ECCV/NIPS. As a principal investigator, he receives 
funds from National Natural Sceince Foundation of China (NSFC), Chinese 
Ministry of Education and Huawei Technologies Co., Ltd. 
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